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A Study of Automation of Housing Design Method Using Artificial Intelligence

- Optimal Space Exploration with Genetic Algorithm Based on Building Codes -
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Abstract

This paper reports on a generative potential of using the one algorithm of artificial intelligence (AI) techniques, genetic algorithm, in

architectural design. Exploring an optimized space for housing design by responding to building codes of the given site, the paper proposes

a novel housing design method with a proper representation of space to genetic algorithm. Not only can the method support architects

automatically generate and review the available architectural volume options within the conditions of a specific site, but also provide an

Al-based framework that architects uses in practice for housing design.
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